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Can a few unlabeled target-site photographs become detector training data, without manual annotation?
We build site-specific 3D vegetation scenes, derive labels by construction, and use diffusion-based curation to reduce the synthetic-to-real appearance gap.

Qualitative behavior across target domains
Same scene and diffusion seed; only the mask-lock grade α changes.

                  
                      

                  
     

                                                                           

Diffuse the object, keep its label: 
curating detector training data from a few unlabeled 

photographs via VLM-built 3D vegetation scenes
———
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 Graded di usion at      .1  gives the strongest cross site generali ation.

  ully unlocking the o  ect gives  ack much of the gain.

  ithin the tested range, curation matters more than data quantity.
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